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Fig. 1. Performance of FAT [9].
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Fig. 3. Comparison of discharge measured by the Rating-Curve and the FAT.
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Table 1. Results of short-term forecasts prediction performed on FAT and discharge data.

Sloj osb
o AR MAE RMSE : (Cel) (Smi 69959 Gredld g8
(M3/S)

+AA AR )8 Y «AA \

. a8 AN TYF 5A0Y Ay 2

.Af - 00) Y8 Y-y . a8 VY

- AA C e VEY £+ -9 VESTY . Af vf

S yo $) &S

N Ay qFY YY¥VO - AY A

- OF - AAQY VE-q YO ¥R - OF vY

+AY oo¥ 100 Y «AA \

- A¥ Y YA VA SVY Q) 2

- £ VY YAV ¥1Va - VA VY

.Yy - YAY YY) £ 55 - oF vE

Ny “FVEA YA W2 i A ol -2
) - FAR) Y¥) 045 Y- Y

ol el g3 el ogte et 2 S Gepte Slj ol
Sye OIS S5 ol 9y p Snpte glad Glxes Lol b o
RMSE M jlade aiels YF o i (sl &S (s)y5b 4 ] iaS
A5 52 e 0 VEPYY s Sl 5 oy s o & Loy s 33 3
o kinn 3505 oyt b Olsioe |y BT ol sy oo T S5V e 4
2,5 sdaline 3 obj)l
s ol GBI Gl — (8 Jlee b e prien
i B Jao (6)150 a8 slaedly (glyp aielo WU S i
Uil dw i By atelw VY Sboj ojl gl )b oMo Lials

Sloj il Gl b il =03 slaosly (gl A g0 1y (gugucne

Glio slogby) €85 | o5 Sl Mgl e & bl sl
s MARE MAE RMSE R (sla)lro 5| jimgs cpl 55 il
sl o oozl (B ) Sl - 55
5 5 Jto gy 01 plosl o Jie 25 ) i |y s
Sy wgin B & ob lis edly 29,5 gabdiwd w05
—( gy g 0l 4 slaodly Sl VL (Sse ()1 4S5 slaesly
o1 plogl aisls ) i b sl RMSE e slgis a4y sl o L
3l 4l caSe g YN0 Sgo ()5 4SS slaodly (59 p
O =23 slaodbisgy patelo ) upin ¢lp g3l (res oS J>

G L sy A6y CaSayio FAY e 4 5 0l 5 Loy

way



__ FATS

100t L bl
- PRSI _ RC

= B0
& 60l

40

1 I I I I
01/17 01/18 01/19 01/20 01/21
Date (MM,/DD)

1
05/04

1
05/05

Date(MM/DD)

Ol S 95 $lp Sl - (23 9 (Fao (51N oS

bawgi buwd Sl 31 Uy &5 Ol s dug e O S

Fig. 5. Comparison of flow rate details collected by FAT and Rating-Curve methods for two flow peaks.
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Fig. 6. a. Comparative Scatter diagram between forecasted and observed values for 1 and 6 hours-ahead with
an error range of 10%.
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Fig. 6. b. Comparative Scatter diagram between forecasted and observed values for 12 and 24 hours-ahead
with an error range of 10%.
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Fig. 6. c. Comparative Scatter diagram between forecasted and observed values for 48 and 72 hours-ahead
with an error range of 10%.
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Fig. 7. a. Comparison diagram between observed and forecasted streamflow for FAT data.
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